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A Shadow Detection Method Based on SLIC0 Superpixel Segmentation

LEI Kunpeng, FENG Xinxi, YU Wangsheng
(Information and Navigation College, Air Force Engineering University, Xi’an 710077, China)

Abstract This paper proposes a shadow detection algorithm based on SLICO superpixel segmentation to
address the issues of single-image shadow detection. Firstly, SLICO superpixel algorithm is used to seg-
ment the shadow image to generate superpixel blocks and detect the shadow contour. Then, a feature fu-
sion support vector machine (SVM) method is proposed to classify and merge superpixel blocks to detect
the shadow regions. Finally, the proposed algorithm is compared with Otsu threshold method and tradi-
tional SVM-based detection method. The experiment results verified the effectiveness of the proposed al-
gorithm., The SSIM and PSNR comparison indicates that the proposed algorithm obtains relative higher
performances than the reference algorithms.
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