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A Visual Tracking Algorithm Based on Local Patches
and Weighted Background

YU Wang-sheng' , TIAN Xiao-hua', HOU Zhi-qiang' ,ZHANG Chong’
(1. Information and Navigation College, Air Force Engineering University, Xi'an 710049, China;
2. Unit 95147, Xingning 514593, Guangxi,China)

Abstract:In order to improve the robustness of visual moving object tracking, a tracking algorithm is pro-
posed based on local patches and weighted background. Firstly, the local patches are sampled respectively
from the foreground area and background area of the object. Secondly, the probability map of each patch to
the frame image is calculated through the integral histogram based local exhaustive search. Finally, differ-
ent weights are assigned to the searching results of patches by maximizing each probability map., and the
final localization of the object in current frame is obtained by the weighted sum of the searching results of
local patches. The experimental results indicate that the proposed algorithm exceeds the background
weighted tracking and local patch based tracking in both tracking precision and tracking successful rate. Be-
sides, the proposed algorithm is not too complex.
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Fig.1 The methods to divide object region
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Fig.2 Demonstration of local patches in this paper
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Fig.3 The posterior probability map of
each local patch searching
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Fig.4 The workflow of the proposed algorithm
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Fig.7 Tracking error comparison
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Tab.1

per frame comparisons of three algorithms

The tracking precision and processing time
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