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Fig. 1  Framework of fault diagnosis system based on rough set
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Fig. 4 Flow of knowledge simplification based on granular computing
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Algorithm Research on Equipment Fault Diagnosis System Based On Rough Set

ZHANG Feng —qin' , ZHANG Shui — ping', BAI Gang’, YAN Xiao — mei' , ZHANG Yue - ling’
(1. Telecommunication Engineering Institute, Air Force Engineering University, Xi’an 710077, China; 2. Unit

95880, Beijing 100843, China)

Abstract : By designing the prime frame of equipment fault diagnosis system and using equipment fault records of
large screen system as a sample data, this article demonstrates and analyzes the application of Rough Set in the e—
quipment fault diagnosis system. The following work has been done: by the method of combining the Rough Set the—
ory with the Statistical theory, the datasets with missing values of records can be recovered ; the algorithm of knowl-
edge acquisition of Rough Set based on Granular Computing can be used to transform the attribute in decision sheet
into matrix objects, then the complex knowledge simplification is transformed into matrix operation, thus the time
consuming can be deducted, and the knowledge of fault diagnosis can be acquired automatically and more effective—
ly.

Key words : rough set; faults diagnosis; datasets with missing values; knowledge simplification
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Research on Data Merging Together with Optimization
and Reliable Transmission of Cooperation Spectrum Sensing

WANG Yin —he, LI Yan, NIU De - zhi
(Science Institute, Air Force Engineering University, Xi’an 710051, China)

Abstract : In order to improve spectrum utilization ratio, it is very necessary to enhance the practicability and verac—
ity of the cooperation spectrum sensing. This paper analyzes and discusses the key technology of cooperation spec—
trum sensing and data transmission reliability by using the way of multipath data to increase the reliability and prac—
ticability during the data transmission process. By this means the data in every perceptive node can be transmitted
to the central node more exactly, reliably and practically to make a quick and accurate judgment. And using this
method the influences caused by interference and noises during the data transmission process can be overcome.

Simulation results show that the method is feasible and lays a foundation for practical application of cooperation
spectrum detection technology.

Key words : cognitive radio; cooperation spectrum sensing; reliable transmission; multipath



