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Abstract: At present, the ngjor of the infornation fusion nethod is closely related wth prior know edge, that can
not airways be satisfied in real application scenario. To effectively solve this problem) the concept of support degree
| S proposed on the basis of exponential attenuation function. Then, two kinds of support degree based | nfornation
fusion algorithns that do not require any prior know edge are presented. Fnally, the proposed al gorithns are adopt -
ed to process the neasurenent val ues of three radars. The experinental result indicates that the algorithmis good In
fusion result. Meanwhile, the algorithmis sinple in iInplenmentation.
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