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An Improved Algorithm for DDAGSVM

SHI Zhao-hui, WANG Jian, HUA Ji-xue,GUO Xin-peng
(Air and Missile Defense College, Air Force Engineering University, Xi'an 710051, China)
Abstract ; A decision directed acyclic graph support vector machine is a typical multi-class classification with
support vector machines. But error accumulation exists in the traditional decision classification, and its
generalization ability depends on the tree structure. In this paper, to improve the generalization ability of
DDAGSVM, a novel separable measure is defined based on the generalized KKT, and an improved decision
directed acyclic graph support vector machine is given. The three-spiral and HRRP experimental results
show that this kind of algorithm has an obvious effectiveness in controlling classification errors.
Key words: support vector machine; decision directed acyclic graph; generalized KKT; separable measure
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Tab.1 Performance comparison for HRRPdata
c 445 DDAGSVM IF #ify % 2 ik A DDAGSVM IF #ify %
' J600 F1601 F1700 J600 F1601 F1700
1 000 0.7 79.13 90.20 95.07 82.48 91.67 96.33
1 000 1.7 68.37 86.20 90.03 69.75 87.17 92.67
1 000 2.0 66.83 84.93 88.30 72.83 85.33 92.67
Engineering University: Natural Science Edition,
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