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The Method of Image Segmentation Based on Spiking Cortical Model
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Abstract: Image segmentation algorithm is sensitive to intensity of illumination. The different intensity im-
ages are not usually segregated availably based on one kind of algorithm, and therefore in this paper a
method of image segmentation based on Spiking Cortical Model (SCM) is proposed. Firstly, choosing dif-
ferent stages membership function to approximate characteristics of dynamic thresholding attenuation. Sec-
ondly, choosing the different criterion function to suit for different intensity image based on the difference
of bright image and dark image. The Experiments show that proposed algorithm could obtain the segmen-
tation result availably and more details information of image. And it has the stronger robustness, which is
better than the improved pulse-coupled neural networks,the improved Intersecting Cortical Model (ICM)
and two-dimension OTSU.,
Key words:image segmentation; spiking cortical model (SCM) ; pulse-coupled neural networks (PCNN) ;
intersecting cortical model (ICM); two-dimension OTSU.
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Fig.1 Images of differentillumination intensity
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Fig.3 Processing procedure for different intensity stimulus
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Fig.4 Image segmentation results of normal illumination
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Fig.5 Image segmentation results of faint illumination
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Fig.6 Image segmentation results of strong illumination
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Fig.7 Image segmentation results of normal illumination for Lena
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Fig.8 Image segmentation results of faint illumination for Lena
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Fig.8 Image segmentation results of strong illumination for Lena
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