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Research and Application of SVM Ensemble

WANG Xiao —dan', GAO Xiao — feng’ , YAO Xu', LEI Lei
(1. Missile Institute, Air Force Engineering University, Sanyuan 713800, Shaanxi, China; 2. The Logistics De—
partment, Shaanxi Armed Police Forces, Xi’'an 710054, China)

Abstract ; Ensemble learning is an important research direction in machine learning, in recent years, support vector
machine (SVM) ensemble has attracted the attentions of researchers in the field of machine learning and statistical
learning, and has become an active research hotspot. The research and application of SVM ensemble in recent
years are surveyed in this paper and the fundamental problems in SVM ensemble are discussed. Methods of con—
structing SVM base classifiers with higher diversity, effective ways for combining base classifiers, and the typical
applications of SVM ensemble are discussed and analyzed. The problems those exist in the research and application
of SVM ensemble are pointed out and the important research directions are given.
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