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Clustering Algorithm Based on Intuitionistic Fuzzy Equivalent Relations

CHEN Dong - feng, LEI Ying - jie, TIAN Ye
( The Missile Institute, Air Force Engineering University, Sanyuan 713800, Shaanxi, China)

Abstract; Firstly, the definitions of modular operations, the relationship between intuitionistic fuzzy sets ([FSs)
and their composition operations are introduced, then the definition of truncated set for IFSs is presented, and the
principle for classification using intuitionistic fuzzy equivalent relations is reveled. The clustering algorithm based on
intuitionistic fuzzy equivalent relations is discussed, so the basic theorems of IFSs are further generalized. Finally,
a numerical example is given.
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